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Abstract
Gliomas are the most common form of central nervous system tumor. The most prevalent form, glioblastoma
multiforme, is also the most deadly with mean survival times that are less than 15 months. Therapies are severely
limited by the ability of these tumors to develop resistance to both radiation and chemotherapy. Thus, new tools are
needed to identify and monitor chemoresistance before and after the initiation of therapy and to maximize the initial
treatment plan by identifying patterns of chemoresistance prior to the start of therapy. Here we show how magnetic
resonance imaging, particularly sodium imaging, metabolomics, and genomics have all emerged as potential
approaches toward the identification of biomarkers of chemoresistance. This work also illustrates how use of these
tools together represents a particularly promising approach to understanding mechanisms of chemoresistance and
the development individualized treatment strategies for patients.
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INTRODUCTION
Accounting for more than approximately 80% of all primary central nervous system malignancies, gliomas
are the most common form of central nervous system tumor. They include a wide variety of brain tumors
including oligodendrogliomas, ependymomas, and astrocytic tumors such as astrocytoma, anaplastic
astrocytoma, and glioblastoma, as well as tumors of mixed population[1]. Glioblastoma multiforme (GBM),
makes up over 60% of adult brain tumors, making it the most common, and most deadly, brain tumor[2].
GBM has a peak incidence between 55 and 60 years of age with a survival rate of only 14-15 months [3].
Survival times are even shorter for the GBM-related tumor gliosarcoma[4].
While there are a number of new therapies currently in clinical trial[5-7], the current standard of care
includes surgery, radiation, and systemic therapy[8-10]. Maximum safe resection reduces tumor size and can
improve quality of life. Post-surgical radiation therapy used to eliminate remaining cells, while not without
side effects such as radiation necrosis and neuronal damage, increases life expectancy[11,12]. The addition of
chemotherapy also improves survival. For GBM, the most commonly used drugs include temozolomide
(TMZ), the current standard of care, 1,3-bis (2-chloroethyl)-1-nitrosourea (carmustine, BCNU), and
lomustine (CCNU)[1]. Treatment of low grade tumors with procarbazine, lomustine, vincristine, or TMZ
have been shown to improve survival[13]. Low-intensity alternating electrical fields of 200 Hz delivered via
electrodes fixed directly to the scalp have been shown to disrupt mitosis, induce glioma cell cycle arrest,
and improve survival times when combined with TMZ[14].
Unfortunately, even when surgery, radiation, and chemotherapy can be used, high grade tumors inevitably
return. The remaining cells develop genetic and metabolic adaptations that result in resistance to radiation
and chemotherapy, enabling them to evade further treatment[15-17]. The development of chemoresistance
results in highly aggressive cancer cells, rapid tumor regrowth, and inevitable patient death. In addition
to acquired chemoresistance, cancer cells frequently have intrinsic resistance even before they have been
exposed to drug treatment[18].
Given the problems that both intrinsic and acquired resistance pose for treatment and survival, the need for
reliable biomarkers of resistance is clear. Current work is actively examining the sensitivity and specificity
of genomic, metabolic, and imaging biomarkers to identify and monitor the response to treatment and the
development of chemoresistance leading to individualized treatment plans that maximize progression-free
survival.
Currently, the three major types of biomarkers under investigation for detection and monitoring of
chemoresistance in glioma are imaging biomarkers, acquired by magnetic resonance imaging (MRI),
metabolomics to detect changes in cellular metabolism that confer resistance, and genomics to identify
changes in gene expression that lead to molecular alterations that permit cancer cells to evade treatment.
This article reviews the current progress in using these three approaches towards the goals of detecting and
monitoring chemoresistance, understanding the mechanisms associated with chemoresistance, and using
this information to design new, individualized therapies for the treatment of glioma.

GLIOMA MAGNETIC RESONANCE IMAGING
MRI is an important tool for diagnosis of glioma as well as determination of the site and size of the tumor
before and after surgical resection and treatment. Use of T1- and T2-weighted sequences and contrastenhanced T1-weighted images is currently regarded as the gold standard[19]. Recent work however, is
beginning to expand the use of MRI beyond diagnosis toward monitoring and predicting the response to
therapy including the development of chemoresistance.
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Monitoring treatment response by MRI

Work is also being done to refine the use of magnetic resonance spectroscopy [20,21], perfusion-weighted
imaging[22,23], diffusion-weighted imaging[24,25], and the apparent diffusion coefficient (ADC)[25-27] to predict
the response to therapy[19]. For example, diffusion mapping after treatment shows an increase in water
diffusion in the early stages after treatment that appears to be the result of apoptotic cell shrinkage and a
loss of cell membrane integrity[28,29].
Advances in sodium magnetic resonance imaging (Na-MRI) have also made it an attractive biomarker
of treatment response. The rationale for the use of Na-MRI is based on the knowledge that intracellular
sodium concentrations are around 15 mM, while extracellular concentrations are approximately 140 mM[30].
This means that not only can Na-MRI detect sodium heterogeneity within a tumor[31], but also as tumor
cells are damaged by radiation or chemotherapeutic treatment, there is an expected 1.4 to 1.8-fold increase
in sodium[30-33]. Particularly noteworthy is the finding that changes in tumor sodium appear to precede
shrinking of the tumor. In a pre-clinical model the sodium signal was significantly changed by day 4 posttreatment, while the tumor size did not markedly change until day 11[30]. This detection ability makes sodium
MRI a potentially powerful tool as a non-invasive, early predictor of treatment efficacy[30], particularly when
coupled with proton imaging[34,35].
Given the apparent power of Na-MRI for monitoring the response to treatment, it is not surprising that
several clinical studies have now tested the possible use of Na-MRI at 3 T in patient populations with
glioma. Together these studies have shown elevated total sodium levels in humans with glioma[36-39]. For
example, normal white matter and putamen sodium measured in 8 untreated patients was determined to
be approximately 30 mM and 35 mM, respectively. In contrast, tumor sodium concentrations were almost
60 mM[39]. Because the highest concentrations of sodium are normally found in the extracellular space,
it was not initially clear if the elevations in tumor sodium concentration were the result of elevations
in intracellular concentration, increases in the amount of extracellular space in the tumor, or some
combination of the two. However, the most recent work in untreated patients suggests a 2-fold increase
in extracellular or interstitial space of solid tumors[39]. Another study evaluated two patients with GBM
at baseline (prior to treatment), 16-17 days after the initiation of treatment, and 72 days from the start
of therapy with TMZ. Consistent with the pre-clinical work, chemotherapy increased tumor sodium.
However, it was difficult to determine the extent to which this increase was due to a rise in intracellular
sodium or the result of therapy-induced edema and necrosis[31].
Monitoring chemoresistance by MRI

Despite these advances in MRI-based biomarkers for the response to therapy, there is still a critical need for
non-invasive imaging tools for detecting and monitoring the development of resistance to treatment. Initial
reports showed that diffusion MRI was able to detect the loss of therapeutic response to BCNU in rodent
9L glioma cells implanted intracranially, suggesting that this method, which measures water mobility, can
detect the development of chemoresistance[40]. Although difficult to quantify using this method, the work
did suggest a reduced response to a second round of BCNU treatment, and opened the door for MRI-based
tools to study chemoresistance.
The next advance resulted from the finding that Na-MRI was even more effective than diffusion at detecting
the development of resistance following an initial round of therapy[34]. Rodent 9L glioma tumors, implanted
subcutaneously, were treated with 26.6 mg/kg BCNU. As expected, at 9.4 T both proton and Na-MRI
detected cell death and a reduction in tumor size over three weeks. However, when a second BCNU dose
was administered to the same animals, a dramatically smaller diffusion response was detected. Na-MRI
proved to be more sensitive to the change of tumor resistance[34,41]. While these data show that Na-MRI can
detect the increase in chemoresistance after therapy, the long-term goal is to develop rapid, non-invasive
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MRI-based approaches that will not only detect chemoresistance after treatment, but to accurately predict
chemoresistance prior to treatment.
Towards this goal, preclinical studies using ultra-high field MRI (21.1 T) have now shown that Na-MRI
has the ability to detect chemoresistant tumors before the start of treatment (US Patent 8,880,146). An
ultra-short echo time of 0.14 ms and high resolution 3D Na-MRI was able to detect differences between
intracranial tumors that were generated from rodent glioma cell lines (9L gliosarcoma) with different
levels of resistance to BCNU[42]. Tumors derived from drug-naïve BCNU-sensitive cells had a sodium
concentration that was 173.4% ± 6.5%, relative to the surrounding normal brain tissue. In contrast, tumors
derived from BCNU-resistant 9L cells had sodium concentrations that were 126.7% ± 7.5% of normal
control concentrations (P < 0.001). The differences in diffusion between drug-sensitive and resistant
tumors, while statistically different (P < 0.01), were not as robust as sodium (150.9% ± 5.7% vs. 140.1% ± 4.8%).
Similarly, the time course of tumor diffusion and sodium concentration in the resistant cells showed that
there was very little change in diffusion (1.2% ± 0.8% per day) while the change in sodium was 5.8% ± 0.8%
per day. Thus, while diffusion MRI (ADC) was able to detect differences between the BCNU-resistant (9L-R)
and BCNU-sensitive (9L-S) tumors, the sodium signal was a more robust biomarker of chemoresistance and
able to detect a relatively small difference in sensitivity to treatment[42]. While this work has not yet been
translated to a clinical population, these data raise exciting prospects for the use of Na-MRI clinically for
the early detection of chemoresistance that could inform individualized treatment decisions, particularly
now that high field strength MRI machines are being developed for clinical use. In fact, work is currently
on-going to design and build MRI instruments between 14 and 20 T for human imaging[43].

GLIOMA METABOLOMICS
The finding that the sodium signal is altered by chemoresistance raises questions about the role of sodium
in glioma cell metabolism and mitochondrial function. It has long been recognized that cancer cells have
altered metabolic profiles compared to normal cells[44-48]. While the highly proliferative nature of tumor
cells requires them to generate nucleotides, lipids, proteins, and ATP, they also appear to have alterations
in mitochondrial metabolism, leading to a reduced dependence on oxidative phosphorylation and a
correspondingly higher dependence on glycolysis for the production of ATP even in the presence of
adequate oxygen[49,50]. Glycolysis is the production of pyruvate and lactate from glucose, while oxidative
phosphorylation utilizes the pyruvate from glycolysis to produce ATP in the mitochondria from
tricarboxylic acid cycle intermediates. The increased glycolysis in cancer cells is known as the Warburg
effect[44,51,52], an effect that may play a role in the induction of treatment-resistant cancer stem cells[53] and
other resistance-related mechanisms.
The degree to which the Warburg effect participates in the development of chemoresistance in cancers
such as glioma is controversial[54,55] as clearly not all cancer cells have the same phenotype. Some work has
identified TMZ-resistant glioma cells that have decreased glucose consumption, lactate production, and
increased mitochondrial coupling compared to parental cells[56,57], suggesting a reversal of the Warburg
effect in chemoresistance. However, most work has reported data consistent with TMZ resistance being
associated with an enhancement of the Warburg effect. For example, there is an increased expression of
glucose transporters[58] and glucose utilization[53,59] in TMZ-resistant cells. Lactate dehydrogenase also
enhanced resistance to both TMZ and radiation[46].
Evaluating chemoresistance by metabolomics

One limitation of the work on chemoresistance in glioma is that much of this work has been conducted
in TMZ–resistant cells. The contradictory data about the role of Warburg in chemoresistance, and the
paucity of data in glioma cells resistant to chemotherapeutics other than TMZ led us to use metabolomics
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Figure 1. Development of BCNU-resistant 9L glioma cells. BCNU sensitive 9L glioma cells (9L-S) were grown in the presence of increasing
concentrations of BCNU resulting in a 9L subculture that was BCNU-resistant (9L-R). Cell viability of 9L-S and 9L-R cells was quantified
after exposure of both cell types to increasing concentrations of BCNU and expressed as percent survival (mean ± SD, n = 6). Significantly
different from 9L-S at **P ≤ 0.01 and ****P ≤ 0.0001. BCNU: 1,3-bis (2-chloroethyl)-1-nitrosourea

Figure 2. Dichloroacetate (DCA) improves the responsiveness of resistant glioma cells to BCNU. Treatment of BCNU-sensitive (9L-S) and
BCNU-resistant (9L-R) glioma cells with (A) 75 µM or (B) 100 µM BCNU resulted in significant death of 9L-S, but not 9L-R cells. Addition
of 25 mM DCA potentiated the action of BCNU in 9L-R cells at both concentrations of BCNU. Bars (mean ± SD, n = 6) with different
letters (a vs . b) are significantly different from each other at P ≤ 0.05. DCA: dichloroacetate

to evaluate metabolic changes in BCNU-resistant glioma cells and test the hypothesis that acquired BCNU
resistance involves modifications to energy metabolism that enhance the Warburg effect. To test this
hypothesis, we first generated a line of rat 9L glioma cells that are resistant to BCNU by repetitive dosing
with increasing levels of the alkylating agent BCNU (10-100 µM). Maintenance of cultured 9L rat glioma
cells with BCNU resulted in the selection of resistant cells. Figure 1 shows that resistant (9L-R) cells were
significantly more resistant to BCNU than the parental, BCNU-sensitive line (9L-S) such that the half
maximal inhibitory concentration (IC50) was 19 µM for the 9L-S parental line and 146 µM for the 9L-R line.
Treatment with dichloroacetate (DCA) inhibits the enzyme pyruvate dehydrogenase kinase, activates
pyruvate dehydrogenase, and increases oxidative phosphorylation. It has been used in combination with
other drugs to relieve the Warburg effect in glioma and induce cell death[60]. Treatment with 25 mM DCA
or BCNU alone did not reduce the viability 9L-R cells [Figure 2]. However, combining this dose of DCA
with 75 µM [Figure 2A] or 100 µM [Figure 2B] BCNU resulted in significant reductions in cell viability.
Releasing glioma cells from the Warburg effect enhances treatment-induced cell death - an effect that was
more pronounced in chemoresistant cells. These data support the published literature suggesting a role for
the Warburg effect in chemoresistance.

Levenson et al . Cancer Drug Resist 2019;2:862-76 I http://dx.doi.org/10.20517/cdr.2019.18

Page 867

We then followed the metabolism of 13C-labeled glucose using gas chromatography-mass spectrometry
(GC-MS) of cell extracts to compare the metabolic profile of BCNU-sensitive (9L-S) and BCNU-resistant
(9L-R) cells. It has been well-established that the specific labeling pattern of key metabolites (called the
isotopomer pattern) can be used to determine the relative activities of metabolic pathways contributing
to the synthesis of those metabolites after correction for incorporation of the natural abundance isotope.
The goal of this work was to establish a metabolomics approach that would permit the identification of key
components of glucose metabolism that are altered in BCNU-resistant cells and provide additional insights
into the mechanisms associated with acquired chemoresistance. This goal was supported by comparison of
metabolic profiles in the presence or absence of DCA.
In brief, this metabolomic analysis was accomplished by first growing cells in the presence or absence of
75 or 100 µM BCNU and/or 25 mM DCA followed by a 24 h incubation with 13C-labeled glucose that
were quenched with degassed, ice-cold 50% aqueous acetonitrile with 0.17 mg/mL norleucine, dried under
vaccum overnight, redissolved in anhydrous pyridine, and derivatized by the addition of 20 µL N-methylN-(tert-butyldimethylsilyl)trifluoro-acetamide (TBDMS) containing 1% tert-butyldimethylchlorosilane
(Thermo Scientific, Rockford, IL). Derivatized samples were injected in splitless mode into an HP Agilent
6890 series gas chromatograph coupled with an HP Agilent 5973 mass selective detector and separated
on DB5-MS 30 cm × 250 µm × 0.25 µm column with a 10-cm guard column (J&W Scientific, Folsom,
CA). Metabolites were identified by retention time and mass spectrum comparison with standards. The
prevalence of particular mass isotopomers (species having the same isotopic mass) for a given compound
provides information about the incorporation of labeled media components into metabolites. A mass
isotopomer distribution vector (MID) was calculated for the molecular and fragment ions for assigned
observed metabolites using in-house scripts written in the programming language [61]. Data were analyzed
using student’s t-test or one way ANOVA with either Tukey’s or Bonferroni post-hoc tests and considered
significantly different at P ≤ 0.05.
Resistance to BCNU alters glucose metabolism

Comparison of the M3:M2 ratio of TCA cycle intermediates permited the evaluation of cellular metabolism
including metabolism of pyruvate via anaplerotic conversion to oxaloacetate or malate versus the pyruvate
dehyrogenase/citrate synthase pathway (PDH/CS) [62-64]. Oxaloacetate levels were below the limit of
detection in the GC-MS experiments but aspartate consistently showed an intense signal and was used as a
proxy for TCA cycle intermediates [Figure 3A]. As shown in Figure 3B, the anaplerotic reactions accounted
for approximately 40% of pyruvate metabolized into TCA cycle intermediates in 9L-S cells (M3:M2 ratio
of approximately 0.6), but acquisition of BCNU resistance increased the anaplerotic contribution to about
55%. Treatment with DCA reduced the aspartate isotopomer ratio in both cell types to approximately 0.5
[Figure 3B], corresponding to a 2:1 ratio of PDH/CS activity versus the anaplerotic reactions.
The chemoresistance-induced reorganization of pyruvate metabolism and the corresponding effect of DCA
treatment was also evident from the isotopomer patterns observed in other TCA cycle intermediates. For
instance, the M3:M2 ratio for fumarate was significantly higher in the resistant cells than in the 9L-S cells,
and treatment with DCA nearly equalized this ratio [Figure 4A]. On the other hand, the succinate M3:M2
ratio was significantly smaller than that of fumarate in 9L-S cells, such that carbons entering the TCA
cycle via anaplerotic reactions accounted for only about 20% of the total succinate pool [Figure 4B]; DCA
treatment had essentially no effect on this. By comparison, anaplerotic reactions contributed even less to
the succinate pool in resistant cells (approximately 10%) and DCA treatment almost doubled this value.
These data show that pyruvate was primarily metabolized by the TCA cycle through pyruvate
dehydrogenase and citrate synthase in 9L-S cells, but that anaplerotic reactions of pyruvate carboxylase
and/or malic enzyme provided the primary route in the 9L-R cells. Our method was unable to determine
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Figure 3. Effect of chemoresistance on aspartate isotopomer ratios. A: Model depicting the pathways for aspartate M2 and M3
isotopomer production from U-13C glucose; B: Aspartate M3:M2 isotopomer ratios in BCNU-sensitive (9L-S) and BCNU-resistant (9L-R)
glioma cells in the absence and presence of 40 mM DCA. Bars (mean ± SD, n = 6) with different letters are significantly different from
each other at P ≤ 0.05. PC: pyruvate carboxylase; PDH: pyruvate dehydrogenase; ME: malic enzyme

Figure 4. Effect of chemoresistance on fumarate and succinate isotopomer ratios. Isotopomer ratios for (A) fumarate and (B) succinate
in BCNU-sensitive (9L-S) and BCNU-resistant (9L-R) glioma cells in the absence and presence of 40 mM DCA. Bars (mean ± SD) with
different letters are significantly different from each other at P ≤ 0.05

whether the higher M3:M2 ratio observed for aspartate, malate, and fumarate in the 9L-R cells resulted
from an actual increase in pyruvate carboxylase activity, from a decrease in PDH activity, or from
a combination. Regardless, the increased M3:M2 ratio observed for these compounds in 9L-R cells
shows that acquired chemoresistance increases the relative activity of pyruvate metabolized through the
anaplerotic reactions and decreases the dependence of the PDH pathway. The reduced activity of pyruvate
dehydrogenase is typically seen in cancer cells and our data suggest that acquisition of BCNU resistance
exacerbates this effect by creating a more Warburg-like state compared to drug-sensitive glioma cells.
Further support for this hypothesis was obtained by treating 9L-S and 9L-R cells with DCA. As mentioned
above, DCA is known to activate pyruvate dehydrogenase, reversing tumor-specific modifications in
mitochondrial physiology, both in vivo and in vitro[65]. We showed that BCNU treatment reduced cell
viability of 9L-R cells in the presence of DCA, but not in its absence. DCA treatment also reduced the
M3:M2 ratio of aspartate, malate, and fumarate, indicating a relative reduction in anaplerotic activity and
a corresponding increased activity of the PDH/CS reactions. Again, DCA reduced the M3:M2 ratio to
essentially the same level in BCNU-sensitive and -resistant cells. Thus, our data suggest that the ability of
DCA to re-sensitize the 9L-R cells to BCNU may be a consequence of reversal of the Warburg effect.
Resistance to BCNU alters amino acid metabolism

The development of BCNU-resistance also had a significant effect on the isotopomer patterns of
serine and glycine. The M3 and M2 isotopomers of serine reflect the relative amount synthesized from

Levenson et al . Cancer Drug Resist 2019;2:862-76 I http://dx.doi.org/10.20517/cdr.2019.18

Page 869

Figure 5. Effect of chemoresistance on serine isotopomer ratios. A: Model depicting the pathway for serine M2 and M3 isotopomer
production from U-13C glucose; B: Serine M3:M2 isotopomer ratios in BCNU-sensitive (9L-S) and BCNU-resistant (9L-R) glioma cells in
the absence and presence of 40 mM DCA. Bars (mean ± SD) with different letters are significantly different from each other at P ≤ 0.05

Figure 6. Effect of chemoresistance on glycine isotopomer ratios. A: Model depicting the pathway for glycine M1 and M2 isotopomer
production from U-13C glucose; B: Glycine M1:M2 isotopomer ratios in BCNU-sensitive (9L-S) and BCNU-resistant (9L-R) glioma cells in
the absence and presence of 40 mM DCA. Bars (mean ± SD) with different letters are significantly different from each other at P ≤ 0.05

3-phosphoglycerate (the M3 isotopomer) versus that synthesized from glycine (the M2 isotopomer)
[Figures 5 and 6]. As shown in Figure 5B, the serine M3:M2 ratio in 9L-S cells was approximately 2.
Treatment with DCA slightly reduced this ratio. Chemoresistant cells had a significantly higher serine M3:M2
ratio (P < 0.05). Again, DCA treatment reduced this ratio, but not to the extent seen in 9L-S cells [Figure 5B].
Additionally, while resistance did not change the glycine isotopomer ratio, the response of glycine metabolism
to DCA treatment can distinguish between BCNU-sensitive and -resistant cells [Figure 6].
As shown in Figure 5A, serine is synthesized from the glycolytic intermediate 3-phosphoglycerate (3PG) in 3 steps with the rate primarily controlled by the activity of the first enzyme in this pathway,
phosphoglycerate dehydrogenase (PHGDH); the M3 isotopomer derives from 13C3-3PG. Serine is converted
to glycine, with transfer of the hydroxymethyl carbon to tetrahydrofolate (THF), resulting in 13C2-glycine
and 13C-labeled N5,N10-methylene THF (13C-CH2THF). This reaction is catalyzed by serine hydroxymethyl
transferase (SHMT). When the SHMT reaction operates in the reverse direction, serine can be labeled
with two or three 13C atoms, depending on the labeling of CH2THF and glycine. Thus, the M3:M2 ratio in
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serine can be interpreted in terms of the relative activity of the “forward” synthesis of serine from 3-PG
versus that of the “reverse” reaction, or synthesis of serine from glycine by SHMT. Alternatively, it can be
interpreted in terms of the availability of 13C-CH2THF for conversion of glycine into serine. In the BCNUsensitive cells, the M3:M2 ratio is approximately 2 but is increased significantly to > 10 in BCNU-resistant
cells. This could indicate a significant decrease in the reverse reaction of SHMT in the resistant cells, or
a significant reduction in the concentration of 13C-CH2THF. Many studies have shown that acquired and
intrinsic resistance is associated with aberrant patterns of hypermethylation of DNA catalyzed by DNA
methyltransferase[65-67]. The methyl donor in this reaction is S-adenosyl methionine, whose synthesis is
regulated by cellular levels of CH2THF. Thus, future work will be needed to determine if the observed
changes in serine isotopomer pattern reflect alterations in DNA methylation in BCNU-resistant cells.
In summary, while clearly not all resistance is the result of the Warburg effect, much of the data in the
literature support the hypothesis that an enhancement of the Warburg effect is associated with acquired
chemoresistance. Furthermore, our work with BCNU-resistant cells line reported here adds to the existing
literature on TMZ-resistance by identifying several metabolic changes associated with acquired resistance
in glioma cells. More importantly, however, this work illustrates the strength of a metabolomic approach
for potentially phenotyping glioma, evaluating resistance, and identifying metabolic pathways that may
serve as future targets for overcoming chemoresistance and developing novel treatments for chemoresistant
tumors.

GLIOMA GENOMICS
A large number of studies have established the association between wide-spread genomic changes and
glioma tumorigenesis. Evaluation of gliomas at the genomic level is crucial because histologically identical
tumors have been shown to have very different genomic alterations[68,69]. The four genetic alterations in
glioma that are most commonly utilized for diagnostic purposes are MGMT promoter methylation status,
deletion of chromosomes 1p/19q, isocitrate dehydrogenase mutations, and BRAF duplications or fusions[70].
Other common genomic alterations include alterations in expression or mutations in epidermal growth
factor receptor, platelet-derived growth factor receptor (PDGFRα)[48,59], members of the PI3K/AKT/mTOR
pathway[48,53,59], lactate dehydrogenase[48], p53[48,71], PTEN, MYB, and MYC[47,69].
Genomic changes associated with chemoresistance to temozolomide

Like metabolomic approaches, most of the work using genomic approaches to determine the mechanisms
responsible for chemoresistance has been conducted in TMZ-resistant cells by comparing them to TMZsensitive cells. These cells are characterized by chromosomal instability, alterations in MDM2, ERK,
AKT, STAT3, ABC transporters, and PIK3 pathway members [72,73], epigenetic regulation of the DNA
repair enzyme MGMT[58,68], as well as alterations in MSH6[70] and aldehyde dehydrogenase[74]. Many of
the genes that have been identified to date appear to play a role in the metabolic changes associated with
chemoresistance. For example, over-expression of the gene that codes for the cytosolic version of isocitrate
dehydrogenase (IDH1) has been shown in resistant glioma cells[75]. This enzyme converts isocitrate to
the α-ketoglutarate that participates in the regulation of gene expression via histone methylation. Rather
than being merely an adaptive response to rapid cell proliferation, this appears to be a selective response
following exposure to chemotherapy[75].
Hypoxia-related genes have also been implicated in the metabolic changes associated with chemoresistance
and prognosis [76]. Specifically, the hypoxia-induced transcription factor HIF-1 α has been linked to
chemoresistance through several different molecular mechanisms. First, HIF-1α up-regulates the glucose
transporters GLUT1 and GLUT3, both of which act in glioma cells to increase cellular glucose uptake.
Consistent with the Warburg hypothesis, HIF-1α also regulates the glycolytic enzymes, hexokinase[48],
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pyruvate kinase, and lactate dehydrogenase [53]. HIF-1α has also been shown to up-regulate vascular
endothelial growth factor (VEGF) that plays a role in vascularization of tumors [77]. Additionally, deep
sequencing of RNA has identified a large number of novel microRNAs associated in GBM tumors. Of these,
miR-210-3p (which increases the transcriptional activity of HIF-1α and its target gene vascular endothelial
growth factor), miR-24, and miR-125b have all be implicated in the development of chemoresistance[77,78].
Genomic changes associated with chemoresistance to BCNU

The alkylating agent BCNU has been infused into biodegradable wafers for implantation after surgical
resection. The clinical outcomes of this approach have been mixed[79], in part due to the rapid development
of BCNU-resistance by high grade tumors. However, recent work has shown that BCNU application can
be a safe and effective first-line treatment, particularly in patients with a methylated MGMT promoter[80] or
low miRNA-181d[81]. Limited work on genomic changes associated with BCNU resistance has shown that a
link between BCNU and the increased expression of the CLOCK1 gene may contribute to BCNU resistance
through the AMPK/mTOR/HIF-1α pathway that regulates glycolysis[82].
Because of the paucity of genomic data on chemoresistance to BCNU, we used rat 9L cells and microarray
analysis to compare the gene expression profiles of BCNU-sensitive (9L-S) and BCNU-resistant cells
and identify significant changes in gene expression associated with BCNU-resistance. Resistant cells
were produced by continuous culture in increasing concentrations of BCNU as previously described
producing two lines of resistant cells, 9L-R1 treated with 150 µM BCNU and 9L-R2 treated with 225 µM
BCNU in culture. Additionally, 1 × 105 9L-S cells were implanted to produce an intracranial tumor in
adult Sprague Dawley rats. After 11 days of tumor growth and confirmation by MRI, rats were treated
with 26.6 mg BCNU/kg body weight. Following tumor regrowth, tumors were excised and cultured to
propagate an additional line of resistant cells (9L-R3). Total cellular RNA was collected from all four
cell lines and analyzed using a Roche/Nimblegen 12-plex microarray. Data analysis was completed with
ArrayStar software (DNASTAR, Madison, WI). Expression patterns were normalized using the quantile
normalization method and mRNA abundance were considered differentially regulated when there were
changes in abundance of at least 1.5-fold with P-values ≤ 0.05. Pathway analysis was completed using www.
pantherdb.com. Additionally, specific information about differentially regulated genes was obtained from
www.ncbi.nlm.nih.gov/gene.
Consistent with the literature on genomic changes in rapidly dividing cancer cells, each of the resistant
9L cell lines had its own distinct genomic pattern. Comparison of the resistant line to the parent 9L-S line
identified 379 genes that were differentially regulated in all three of the resistant lines [Figure 7]. Of these
275 had expression levels that were below 50% of control (9L-S) values and 104 had expression levels that
were > 150% of control. Genes of particular mechanistic interest are shown in Table 1. Like TMZ-resistance,
these data showed that BCNU-resistance is associated with significant increases in DNA repair enzyme
MGMT[59,69]. Of particular interest was the finding that nerve growth factor (the NGF) and its receptor were
both significantly down-regulated in resistant cells. This finding is important for our understanding of the
mechanisms of resistance as a recent report has shown that NGF prevents glioma proliferation via receptormediated pathways[83]. This suggests that the significant down-regulation of both ligand and receptor in
resistant cells may play a role in the aggressive nature of resistant cells as well in their ability to proliferate
in the presence of BCNU.
Another potentially important mechanism is the finding that cellular retinoic acid binding protein-1
(CRABP1) was the most intensely down-regulated mRNA in the three resistant lines. While this gene has
not been previously reported to be regulated in glioma cells, CRABPI has been shown to play a role in the
induction of apoptosis in a mouse ovarian epithelial cancer cell line treated with retinoic acid[84]. Downregulation of CRABPI in chemoresistant glioma suggests a role for this mediator of retinoic acid in glioma

Page 872

Levenson et al . Cancer Drug Resist 2019;2:862-76 I http://dx.doi.org/10.20517/cdr.2019.18

Figure 7. Effect of BCNU exposure to 9L rat glioma cells. Cells were exposed to 150 µM (9L-R1) or 225 µM (9L-R2) in culture or in vivo
(9L-R3) after intracranial implantation (26.6 mg/kg body weight). RNA was subjected to 12-plex microarray to determine changes in
gene expression compared to drug naïve cells (9L-S). Venn diagram illustrates the number of genes differentially regulated (P ≤ 0.05) in
each of the three BCNU-resistant cell lines

Table 1. BCNU-Resistance Genes
Gene
CRABP1
NGF receptor
NGF
Brain creatine kinase
VG Na channel, type 1
Na/Ca exchanger 5
FGF 9
TGF-β2
MGMT
Galectin 3

9L-R1
0.97
3.99
8.26
9.07
27.7
35.7
423
508
850
3055

Percent of Expression in Drug Naïve 9L-S
9L-R2
9L-R3
mean ± SD
0.97
2.25
1.40 ± 0.74
3.99
3.56
2.43 ± 1.51
7.59
8.55
8.13 ± 0.49
8.67
9.65
8.87 ± 0.28
13.9
17.5
19.70 ± 7.16
44.9
39.7
40.1 ± 4.61
818
275
505 ± 280
849
772
710 ± 179
642
652
715 ± 117
311
3342
2236 ± 1673

P -value
9.7 × 10-12
1 × 10-8
2 × 10-9
2.7 × 10-10
1.5 × 10-6
2.9 × 10-6
3.1 × 10-14
4.5 × 10-11
1.1 × 10-8
5.1 × 10-10

Microarray analysis was used to identify genes regulated in chemoresistant lines (9L-R1, 9L-R2, and 9L-R3) compared to the parent
drug naïve line of 9L cells. NGF: nerve growth factor; VG Na channel; voltage-gated sodium channel; Na/Ca exchanger; sodium/calcium
exchanger; FGF: fibroblast growth factor; TGF: transforming growth factor; MGMT: O-6-methylguanine-DNA methyltransferase

survival. Galectin 3 was the second most highly regulated mRNA in this data set. Galectin 3 has previously
been shown to be up-regulated in human GBM where it contributes to cell survival[85]. The data reported
here suggest that inhibition of galectin 3 could serve as a powerful target for overcoming chemoresistance.
Brain creatine kinase expression has previously been shown to be lower in GBM than in surrounding
normal tissue[86]. The finding reported in Table 1 that this mediator of energy metabolism is even lower
in BCNU resistant glioma (< 10% of drug naïve 9L-S cells) suggests a role for this gene in the survival of
resistant cells. Finally, the finding that the type 1 voltage-gated sodium channel was significantly decreased
in resistant cells is consistent with our previously reported Na-MRI data, reviewed here, showing that total
sodium was significantly reduced in tumors derived from resistant 9L glioma cells compared to drug naïve
tumors[42].

CONCLUSIONS
In conclusion, each of the three approaches to identifying biomarkers of chemoresistance come with
specific strengths. Metabolomics and genomics have the potential to identify specific cellular and molecular
mechanisms that are responsible for both intrinsic resistance as well as therapy-induced resistance. These
mechanisms have the potential to serve as novel targets for reducing chemoresistance, but require surgical
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intervention or biopsy to obtain tissue. Imaging biomarkers, particularly those utilizing Na-MRI, have
the advantage of being rapid, non-invasive, and easily employed before and after treatment. Ultimately,
significant advances in treatment are most likely to come from a combination of these approaches. For
example, non-invasive imaging-based biomarkers that can be correlated to changes in biochemical
mechanisms would enable MRI to be used to collect cellular and molecular information non-invasively in
patients with glioma. Thus, used together these powerful tools could inform treatment decisions, facilitate
individualized treatment plans, and improve survival time in patients with gliomas.

DECLARATIONS
Acknowledgments

The authors thank Shannon Gower-Winter, MS for technical support and expert scientific editing of the
manuscript. We also thank Mr. Charles Badland for invaluable support producing figures.
Authors’ contributions

Conception and design of the study: Levenson CW, Morgan TJ, Twigg PD, Logan TM and Schepkin VD
Performed data analysis and interpretation: Levenson CW, Morgan TJ, Twigg PD, Logan TM, and Schepkin
VD
Availability of data and materials

Not applicable.

Financial support and sponsorship

This work was supported by a Multidisciplinary Grant (to CWL) from the Florida State University
Committee on Research and Creativity; the National High Magnetic Field Laboratory (Tallahassee)
supported by NSF, grant (No. DMR-115490).
Conflicts of interest

The author declares that there are no conflicts of interest.
Ethical approval and consent to participate

All animal work has been approved by the Institutional Animal Care and Use Committee in accordance to
AALAS and NIH guidelines.
Consent for publication

Not applicable.
Copyright

© The Author(s) 2019.

REFERENCES
1.
2.
3.
4.
5.

Hanif F, Muzaffar K, Perveen K, Malhi SM, Simjee SU. Glioblastoma multiforme: A review of its epidemiology and pathogenesis
through clinical presentation and treatment. Asian Pac J Cancer Prev 2017;18:3-9.
Hatoum A, Mohammed R, Zakieh O. The unique invasiveness of glioblastoma and possible drug targets on extracellular matrix. Cancer
Manag Res 2019;11:1843-55.
Ohgaki H, Kleihues P. Population-based studies on incidence, survival rates, and genetic alterations in astrocytic and oligodendroglial
gliomas. J Neuropathol Exp Neurol 2005;64:479-89.
Hashmi FA, Salim A, Shamim MS, Bari ME. Biological characteristics and outcomes of Gliosarcoma. J Pak Med Assoc 2018;68:127375.
Song A, Andrews DW, Werner-Wasik M, Kim L, Glass J, et al. Phase I trial of alisertib with concurrent fractionated stereotactic reirradiation for recurrent high grade gliomas. Radiother Oncol 2019;132:135-41.

Page 874
6.
7.

8.
9.
10.
11.
12.
13.
14.
15.
16.
17.
18.
19.
20.
21.
22.
23.
24.
25.
26.
27.
28.
29.
30.
31.
32.
33.
34.
35.
36.
37.

Levenson et al . Cancer Drug Resist 2019;2:862-76 I http://dx.doi.org/10.20517/cdr.2019.18

Cloughesy TF, Landolfi J, Vogelbaum MA, Ostertag D, Elder JB, et al. Durable complete responses in some recurrent high-grade glioma
patients treated with Toca 511 + Toca FC. Neuro Oncol 2018;20:1383-92.
Migliorini D, Dutoit V, Allard M, Hallez NG, Marinari E, et al. Phase I/II trial testing safety and immunogenicity of the multipeptide
IMA950/poly-ICLC vaccine in newly diagnosed adult malignant astrocytoma patients. Neuro Oncol 2019; Feb 12. doi: 10.1093/neuonc/
noz040.
Laub CK, Stefanik J, Doherty L. Approved treatments for patients with recurrent high-grade gliomas. Semin Oncol Nurs 2018;34:486-93.
Serventi J, Behr J. Surgery and evidence-based treatments in patients with newly diagnosed high-grade glioma. Semin Oncol Nurs
2018;34:443-53.
Thon N, Tonn JC, Kreth FW. The surgical perspective in precision treatment of diffuse gliomas. Onco Targets Ther 2019;12:1497-1508.
Scott JG, Suh JH, Elson P, Barnett GH, Vogelbaum MA, et al. Aggressive treatment is appropriate for glioblastoma multiforme patients
70 years old or older: a retrospective review of 206 cases. Neuro Oncol 2011;13:428-36.
Khan KA, Abbasi AN, Ali N.Treatment updates regarding anaplastic oligodendroglioma and anaplastic oligoastrocytoma. J Coll
Physicians Surg Pak 2014;24:935-9.
Donovan LE, Lassman AB. Chemotherapy treatment and trials in low-grade gliomas. Neurosurg Clin N Am 2019;30:103-9.
Lukas RV, Wainwright DA, Ladomersky E, Sachdev S, Sonabend AM, et al. Newly Diagnosed Glioblastoma: A Review on Clinical
Management. Oncology 2019;33:91-100.
Liu R, Li W, Tao B, Wang X, Yang Z, et al. Tyrosine phosphorylation activates 6-phosphogluconate dehydrogenase and promotes tumor
growth and radiation resistance. Nat Commun 2019;10:991.
Daniel P, Sabri S, Chaddad A, Meehan B, Jean-Claude B, et al. Temozolomide induced hypermutation in glioma: evolutionary
mechanisms and therapeutic opportunities. Front Oncol 2019;9:41.
Raguz S, Yague E. Resistance to chemotherapy: new treatments novel insights into an old problem. Brit J Cancer 2008;99:387-91.
Goldi JH. Drug resistance in cancer: A perspective. Cancer and Metastasis Rev 20;1:63-8.
Ahmed R, Oborski MJ, Hwang M, Lieberman FS, Mountz JM. Malignant gliomas: current perspectives in diagnosis, treatment, and early
response assessment using advanced quantitative imaging methods. Cancer Manag Res 2014;6:149-70.
Neal A, Moffat BA, Stein JM, Nanga RPR, Desmond P, et al. Glutamate weighted imaging contrast in gliomas with 7 Tesla magnetic
resonance imaging. Neuroimage Clin 2019;22:101694.
Shen X, Voets NL, Larkin SJ, de Pennington N, Plaha P, et al. A noninvasive comparison study between human gliomas with IDH1 and
IDH2 mutations by MR spectroscopy. Metabolites 2019;9:35.
Hilario A, Hernandez-Lain A, Sepulveda JM, Lagares A, Perez-Nuñez A, et al. Perfusion MRI grading diffuse gliomas: Impact of
permeability parameters on molecular biomarkers and survival. Neurocirugia (Astur) 2019;30:11-8.
Fahlström M, Blomquist E, Nyholm T, Larsson EM. Perfusion magnetic resonance imaging changes in normal appearing brain tissue
after radiotherapy in glioblastoma patients may confound longitudinal evaluation of treatment response. Radiol Oncol 2018;52:143-51.
Hamstra DA, Chenevert TL, Moffat BA, Johnson TD, Meyer CR, et al. Evaluation of the functional diffusion map as an early biomarker
of time-to-progression and overall survival in high-grade glioma. Proc Natl Acad Sci U S A 2005;102:16759-64.
Hamstra DA, Galbán CJ, Meyer CR, Johnson TD, Sundgren PC, et al. Functional diffusion map as an early imaging biomarker for highgrade glioma: correlation with conventional radiologic response and overall survival. J Clin Oncol 2008;26:3387-94.
Pope WB, Kim HJ, Huo J, Alger J, Brown MS, et al. Recurrent glioblastoma multiforme: ADC histogram analysis predicts response to
bevacizumab treatment. Radiology 2009;252:182-9.
Nowosielski M, Recheis W, Goebel G, Güler O, Tinkhauser G, et al. ADC histograms predict response to anti-angiogenic therapy in
patients with recurrent high-grade glioma. Neuroradiology 2011;53:291-302.
Ross BD, Moffat BA, Lawrence TS, Mukherji SK, Gebarski SS, et al. Evaluation of cancer therapy using diffusion magnetic resonance
imaging. Mol Cancer Ther 2003;2:581-7.
Chenevert TL, Meyer CR, Moffat BA, Rehemtulla A, Mukherji SK, et al. Diffusion MRI: a new strategy for assessment of cancer
therapeutic efficacy. Mol Imaging 2002;1:336-43.
Schepkin VD, Ross BD, Chenevert TL, Rehemtulla A, Sharma S, et al. Sodium magnetic resonance imaging of chemotherapeutic
response in a rat glioma. Magn Reson Med 2005;53:85-92.
Laymon CM, Oborski MJ, Lee VK, Davis DK, Wiener EC, et al. Combined imaging biomarkers for therapy evaluation in glioblastoma
multiforme: correlating sodium MRI and F-18 FLT PET on a voxel-wise basis. Magn Reson Imaging 2012;30:1268-78.
Thulborn KR, Davis D, Adams H, Gindin T, Zhou J. Quantitative tissue sodium concentration mapping of the growth of focal cerebral
tumors with sodium magnetic resonance imaging. Magn Reson Med 1999;41:351-9.
Schepkin VD, Elumalai M, Kitchen JA, Qian C, Gor’kov PL, et al. In vivo chlorine and sodium MRI of rat brain at 21.1 T. MAGMA
2014;27:63-70.
Schepkin VD, Lee KC, Kuszpit K, Muthuswami M, Johnson TD, et al. Proton and sodium MRI assessment of emerging tumor
chemotherapeutic resistance. NMR Biomed 2006;19:1035-42.
Schepkin VD, Chenevert TL, Kuszpit K, Lee KC, Meyer CR, et al. Sodium and proton diffusion MRI as biomarkers for early therapeutic
response in subcutaneous tumors. Magn Reson Imaging 2006;24:273-8.
Bartha R, Megyesi JF, Watling CJ. Low-grade glioma: correlation of short echo time 1H-MR spectroscopy with 23Na MR imaging.
AJNR Am J Neuroradiol 2008;29:464-70.
Ouwerkerk R, Bleich KB, Gillen JS, Pomper MG, Bottomley PA. Tissue sodium concentration in human brain tumors as measured with
23Na MR imaging. Radiology 2003;227:529-37.

Levenson et al . Cancer Drug Resist 2019;2:862-76 I http://dx.doi.org/10.20517/cdr.2019.18

Page 875

38. Nagel AM, Bock M, Hartmann C, Gerigk L, Neumann JO, et al. The potential of relaxation-weighted sodium magnetic resonance
imaging as demonstrated on brain tumors. Invest Radiol 2011;46:539-47.
39. Nunes Neto LP, Madelin G, Sood TP, Wu CC, Kondziolka D, et al. Quantitative sodium imaging and gliomas: a feasibility study.
Neuroradiology 2018;60:795-802.
40. Lee KC, Hall DE, Hoff BA, Moffat BA, Sharma S, et al. Dynamic imaging of emerging resistance during cancer therapy. Cancer Res
2006;66:4687-92.
41. Schepkin VD. Sodium MRI of glioma in animal models at ultrahigh magnetic fields. NMR Biomed. 2015;29:175-86.
42. Schepkin VD, Bejarano FC, Morgan T, Gower-Winter S, Ozambela M Jr, et al. In vivo magnetic resonance imaging of sodium and
diffusion in rat glioma at 21.1 T. Magn Reson Med 2012;67:1159-66.
43. Budinger TF, Bird MD, Frydman L, Long JR, Mareci TH, et al. Toward 20 T magnetic resonance for human brain studies: opportunities
for discovery and neuroscience rationale. MAGMA 2016;29:617-39.
44. Warburg O. On respiratory impairment in cancer cells. Sci 1956;124:269-70.
45. DeBerardinis RJ, Sayed N, Ditsworth D, Thompson CB. Brick by brick: metabolism and tumor cell growth. Curr Opin Gen Devel
2008;18:54-61.
46. Koukourakis M, Tsolou A, Pouliliou S, Lamprou I, Papadopoulou M, et al. Blocking LDHA glycolytic pathway sensitizes glioblastoma
cells to radiation and temozolomide. Biochem Biophys Res Commun 2017;491:932-8.
47. Venneti S, Thompson CB. Metabolic teprogramming in brain tumors. Annu Rev Pathol 2017;12:515-45.
48. Libby CJ, Tran AN, Scott SE, Griguer C, Hjelmeland AB. The pro-tumorigenic effects of metabolic alterations in glioblastoma including
brain tumor initiating cells. Biochim Biophys Acta Rev Cancer 2018;1869:175-88.
49. Cairns RA, Harris IS, Mak TW. Regulation of cancer cell metabolism. Nat Rev Cancer 2011;11:85-95.
50. Fogg VC, Lanning NJ, MacKeigan JP. Mitochondria in cancer: at the crossroads of life and death. Chin. J. Cancer 2011;30:526-539.
51. Kroemer G, Pouyssegur J. Tumor cell metabolism: Cancer’s Achilles’ heel. Cancer Cell 2008;13:472-82.
52. Bensinger SJ, Christofk HR. New aspects of the Warburg effect in cancer cell biology. Semin. Cell & Dev Biol 2012;23:352-361.
53. Yuen CA, Asuthkar S, Guda MR, Tsung AJ, Velpula KK. Cancer stem cell molecular reprogramming of the Warburg effect in
glioblastomas: a new target gleaned from an old concept. CNS Oncol 2016;5:101-8.
54. Marin-Valencia I, Yang C, Mashimo T, Cho S, Baek H, et al. Analysis of tumor metabolism reveals mitochondrial glucose oxidation in
genetically diverse human glioblastomas in the mouse brain in vivo. Cell Metab 2012;15:827-37.
55. Mischel PS. HOT models in flux: mitochondrial glucose oxidation fuels glioblastoma growth. Cell Metab 2012;15:789-90.
56. Oliva C, Nozell S, Diers A, McClugage S, Sarkaria J, et al. Acquisition of temozolomide chemoresistance in gliomas leads to remodeling
of mitochondrial electron transport chain. J Biol Chem 2010;285:39759-67.
57. Oliva C, Moellering D, Gillespie GY, Griguer CE. Acquisition of chemoresistance in gliomas Is associated with I\increased mitochondrial
coupling and decreased ROS production. PloS One 2011;6:e24665.
58. Le Calvé B, Rynkowski M, Le Mercier M, Bruyère C, Lonez C, et al. Long-term in vitro treatment of human glioblastoma cells
with temozolomide increases resistance in vivo through up-regulation of GLUT transporter and aldo-keto reductase enzyme AKR1C
expression. Neoplasia 2010;12:727-39.
59. St-Coeur PD, Poitras JJ, Cuperlovic-Culf M, Touaibia M, Morin P Jr. Investigating a signature of temozolomide resistance in GBM cell
lines using metabolomics. J Neurooncol 2015;125:91-102.
60. Shen H, Decollogne S, Dilda PJ, Hau E, Chung SA, et al. Dual-targeting of aberrant glucose metabolism in glioblastoma. J Exp Clin
Cancer Res 2015;34:14.
61. Team RDC, R: A language and environment for statistical computing. R Foundation for Statistical Computing, Vienna, Austria 2008.
62. Katz J, Lee WNP, Wals PA, Bergner EA. Studies of glycogen synthesis and the Krebs cycle by mass isotopomer analysis with [U-13C]
glucose in rats. J Biol Chem 1989;264:12994-13004.
63. Katz J, Walls P, Lee WNP. Isotopomer studies of gluconeogenesis and the krebs cycle with 13C-labeled lactate. J Biol Chem
1993;268:25509-21.
64. Fernandez CA, Des Rosiers C. Modeling of liver citric acid cycle and gluconeogenesis based on 13C mass isotopomer distribution analysis
of intermediates. J Biol Chem 1995;270:10037-42.
65. Michelakis ED, Sutendra G, Dromparis P, Webster L, Haromy A, et al. Metabolic modulation of glioblastoma with dichloroacetate. Sci
Transl Med 2010;2:31-4.
66. Kastl L, Brown I, Schofield A. Altered DNA methylation is associated with docetaxol resistance in human breast cancer cells. Int J Oncol
2010;36:1235-41.
67. Candelaria M, de la Cruz-Hernandez E, Taja-Chayeb L, Perez-Cardenas E, Trejo-Becerril C, et al. DNA methylation-independent
reversion of gemcitabine resistance by hydralazine in cervical cancer cells. PloS One 2012;7:e29181.
68. Hervouet E, Cheray M, Vallette FM, Cartron PF. DNA methylation and apoptosis resistance in cancer cells. Cells 2013;2:545-73.
69. Bruzzone MG, Eoli M, Cuccarini V, Grisoli M, Valletta L, et al. Genetic signature of adult gliomas and correlation with MRI features.
Expert Rev Mol Diagn 2009;9:709-20.
70. Riemenschneider MJ, Jeuken JW, Wesseling P, Reifenberger G. Molecular diagnostics of gliomas: state of the art. Acta Neuropathol
2010;120:567-84.
71. Bartesaghi S, Graziano V, Galavotti S, Henriquez NV, Betts J, et al. Inhibition of oxidative metabolism leads to p53 genetic inactivation
and transformation in neural stem cells. Proc Natl Acad Sci U S A 2015;112:1059-64.
72. Stepanenko AA, Andreieva SV, Korets KV, Mykytenko DO, Baklaushev VP, et al. Temozolomide promotes genomic and phenotypic

Page 876

Levenson et al . Cancer Drug Resist 2019;2:862-76 I http://dx.doi.org/10.20517/cdr.2019.18

changes in glioblastoma cells. Cancer Cell Int 2016;16:36.
73. Immanuel SRC, Ghanate AD, Parmar DS, Marriage F, Panchagnula V, et al. Integrative analysis of rewired central metabolism in
temozolomide resistant cells. Biochem Biophys Res Commun 2018;495:2010-6.
74. Suwala AK, Koch K, Rios DH, Aretz P, Uhlmann C, et al. Inhibition of Wnt/beta-catenin signaling downregulates expression of aldehyde
dehydrogenase isoform 3A1 (ALDH3A1) to reduce resistance against temozolomide in glioblastoma in vitro. Oncotarget 2018;9:2270316.
75. Calvert AE, Chalastanis A, Wu Y, Hurley LA, Kouri FM, et al. Cancer-associated IDH1 promotes growth and resistance to targeted
therapies in the absence of mutation. Cell Rep 2017;19:1858-73.
76. Beig N, Patel J, Prasanna P, Hill V, Gupta A, et al. Radiogenomic analysis of hypoxia pathway is predictive of overall survival in
Glioblastoma. Sci Rep 2018;8:7.
77. Agrawal R, Pandey P, Jha P, Dwivedi V, Sarkar C, et al. Hypoxic signature of microRNAs in glioblastoma: insights from small RNA deep
sequencing. BMC Genomics 2014;15:686.
78. Giovannetti E, Erozenci A, Smit J, Danesi R, Peters GJ. Molecular mechanisms underlying the role of microRNAs (miRNAs) in
anticancer drug resistance and implications for clinical practice. Crit Rev Oncol Hematol 2012;81:103-22.
79. Tabet A, Jensen MP, Parkins CC, Patil PG, Watts C, et al. Designing next-generation local drug delivery vehicles for glioblastoma
adjuvant chemotherapy: lessons from the clinic. Adv Healthc Mater 2019;8:e1801391.
80. Ius T, Cesselli D, Isola M, Toniato G, Pauletto G, et al. Combining clinical and molecular data to predict the benefits of carmustine wafers
in newly diagnosed high-grade gliomas. Curr Treat Options Neurol 2018;20:3.
81. Sippl C, Ketter R, Bohr L, Kim YJ, List M, et al. miRNA-181d expression significantly affects treatment responses to carmustine wafer
implantation. Neurosurgery 2019;85:147-55.
82. Zhang L, Yang H, Zhang W, Liang Z, Huang Q, et al. Clk1-regulated aerobic glycolysis is involved in glioma chemoresistance. J
Neurochem 2017;142:574-88.
83. Meco D, Di Francesco AM, Melotti L, Ruggiero A, Riccardi R. Ectopic nerve growth factor prevents proliferation in glioma cells by
senescence induction. J Cell Physiol 2019;234:6820-30.
84. Persaud SD, Park SW, Ishigami-Yuasa M, Koyano-Nakagawa N, Kagechika H, et al. All trans-retinoic acid analogs promote cancer cell
apoptosis through non-genomic Crabp1 mediating ERK1/2 phosphorylation. Sci Rep 2016;6:27678.
85. Ikemori RY, Machado CM, Furuzawa KM, Nonogaki S, Osinaga E, et al. Galectin-3 up-regulation in hypoxic and nutrient deprived
microenvironments promotes cell survival. PLoS One 2014;9:e111592.
86. Khalil AA. Biomarker discovery: a proteomic approach for brain cancer profiling. Cancer Sci 2007;98:201-13.

